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Abstract

Background: Regulation of artificial intelligence (Al) has been slow relative to the pace of its integration into health care.
Several Al diagnostic toolsfor diabetic retinopathy (DR) have already received Food and Drug Administration (FDA) clearance,
making it atimely and concrete example for exploring public perspectives on regulatory approval. The scope of FDA regulation
of Al toolsis being explored, and public attitudes about regulatory oversight should inform these discussions and are explored
in this paper. Prior research suggests that comfort, trust, and political orientation shape views on government regulation and
emerging technologies, potentially affecting support for oversight of Al in health care.

Objective: This study assessed the perceived importance of FDA approval for Al-supported clinical decision support tools,
with DR as the use case. We explored how comfort with Al tool developers, trust in data sharing, political affiliation, and
demographic characteristics relate to the importance of FDA approval among US adults.

Methods: A nationa survey was conducted in 2023 using the NORC AmeriSpeak Panel, a probability-based sample including
1787 respondents, with a subset of 982 participants answering questions about a use case describing an Al tool for identifying
DR. Participants rated the importance of FDA approval for such tools on a 4-point Likert scale, with responses dichotomized
between high and low perceived importance. Logistic regression model s assessed associ ati ons between this outcome and predictors
including comfort with Al tool developers, trust in data sharing, political affiliation, and demographic characteristics.

Results:. Among the 982 respondents presented with the DR use case, 658 (67%) indicated that FDA approval was “fairly” or
“very” important. Statistically significant factors associated with the outcome (“It is important that the Al tool is approved by
the FDA™) included higher comfort with using thetool (oddsratio [OR] 1.44, 95% CI 1.11-1.87; P=.006), comfort with devel opers
from private companies (OR 1.38, 95% CI 1.09-1.76; P=.008), and hospitals (OR 1.60, 95% CI 1.25-2.05; P<.001). Trust in
responsible data sharing (OR 1.25, 95% CI 1.05-1.5; P=.01) and higher education (OR 1.64, 95% Cl 1.02-2.62; P=.04) also
predicted higher support. Lean or strong Republicans (OR 0.43, 95%CI 0.3-0.6; P<.001) and Independents (OR 0.63, 95% ClI
0.42-0.96; P=.03) were less likely to view FDA approval asimportant, as were Black (OR 0.50, 95% CI 0.34-0.77; P<.001) and
Hispanic (OR 0.57, 95% CI 0.38-0.86; P=.007) respondents compared with White respondents.

Conclusions: This study offers insights into public attitudes regarding FDA oversight of Al-based clinical decision support
tools. Findings highlight how comfort, trust, and lower confidence from marginalized communities and some political groups
shape perceived importance of FDA approval, offering a point for broader applications in health care Al governance. These
factors should be better considered as health systems work to ensure trustworthy implementation of new Al technologies.
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Introduction

The integration of artificial intelligence (Al) into diagnostic
workflows has gained attention due to its potential to improve
efficiency and accuracy. While there is high variability in the
quantity and quality of Al tools across medical specialties,
diabetic retinopathy (DR)—a prevalent diabetes-related eye
disease with significant public health impact—has seen notable
progress[1-3]. Al tools can detect DR from retinal images, and
several tools have adready received Food and Drug
Administration (FDA) clearance[4,5]. DR offersawell-known,
real-world example of aregulated Al diagnostic tool, making
it atimely use case for examining public attitudes toward this
type of Al application.

Al systems used in diagnostic imaging vary in their level of
autonomy [6]. Some function as Al-based clinical decision
support (AI-CDS) tools, assisting clinicians in interpreting
images, while others operate as autonomous diagnostic systems
with the capacity of generating screening decisions without
clinicianinterpretation [7]. Both types may be eval uated through
FDA regulatory pathways for medical devices, with clearer
oversight responsibilities for fully autonomous systems [8].
When an Al-CDStool providesrecommendationsto clinicians,
the FDA may till have a role in reviewing the tool, but the
guidance is less clear. In this study, we focused on a use case
of Al that supports diagnostic decision-making, in which the
FDA may havearole. Wethen evaluated whether such oversight
isimportant to patients. We were motivated by recent research
on Al regulation that emphasizes the relationships between
trustworthiness, risk acceptability, and public perceptions of
oversight.

Studies show that regulatory frameworks influence societal
acceptance of Al [9], that support for governance is shaped by
perceived risk and devel oper credibility [10], and that Al literacy
and anxiety affect how individuals evaluate the necessity of
oversight [11]. As diagnostic applications of Al expand, little
isknown about public perceptions and expectations about their
oversight, including FDA approval [12,13]. Attitudes about the
FDA and regulation may be shaped by whether there is a
perceived need. If thereis confidence in local control and trust
in health systems, sufficient comfort with an Al tool and its
developers, and alack of confidence in government, regulatory
oversight may be perceived as lessimportant. Theories of trust
in health would predict that greater comfort and confidence on
the part of atruster (in this case, patients) would diminish the
need for regulation and formal governance practices over the
trustee (in this case, the Al tool) [14]. With greater comfort and
confidence in an Al tool, patients may not need additional
oversight to ensure safety and quality.

More specifically, trustworthiness of health systems is likely
to have an impact on the importance of FDA approval; we
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hypothesize that if health systems are adequately vetting Al
tools, the perceived need for FDA approval may be diminished.
Public attitudes about the importance of FDA approva may
also be shaped by their persona feelings about Al. For example,
someonewho iscomfortablewith Al tools[15] may view FDA
approval as less essential [16], while those who do not see the
health system as having a good track record acting on its own
may seeregulatory oversight asmoreimportant [17]. Similarly,
Al tools that are developed by trustworthy parties may also
diminish the importance of FDA approval. Comfort and
confidencein the capabilities of Al tools, developers, and health
systems are each personal attitudinal attributes of trust that shape
how individual s engage with new technologies and institutions
[18-20] and may be associated with public perceptions on
whether formal regulatory oversight is necessary. At the same
time, and as public trust in health and research has declined,
the politicization of science has increased [21,22]. Political
affiliation, as a personal attribute, is likely to play a role in
patient perspectives on the importance of regulatory oversight.
Individuals identifying as more conservative or Republican
often express greater skepticism toward government
intervention, centralized data systems, and emerging
technologies than Democrats. These attitudes may extend to
issues such aswhether FDA approval is perceived as necessary
inthe context of health care Al. The conceptual model in Figure
1 shows these factors as we hypothesi ze, they will berelated to
perceived need for FDA approval of the DR tool positively or
negatively.

In this study, we focus on FDA clearance as a distinct and
standardized regulatory measure. Unlike more abstract notions
of regulation, oversight, or certification, FDA clearance is a
formal federal evaluation of safety and effectiveness for a
specific diagnostic tool [23]. Through the 510(k) process, the
FDA issuesclearancelettersonly after reviewing device-specific
evidence, providing a concrete and publicly official stamp of
approval [8,23]. Distinguishing thistype of FDA approval from
generic regulatory conceptsallows usto explore how individuals
respond to aclearly defined and institutionally established form
of oversight.

While prior studies have explored general attitudes toward Al
oversight, this study extends prior work by assessing the
perceived importance of FDA approval for adiagnostic support
Al tool (DR), and to identify factors associated with this
perception, including comfort with the specific Al tool, the Al
developers, and health system’s track record (trust in data
sharing), political identity, and demographic factors among
adults living in the United States (Figure 1). By focusing on a
concrete Al application, we provide a more integrated
understanding of influences shaping public attitudes toward
real-world regulatory oversight of diagnostic Al tools.
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Figure 1. Predictors and hypothesized relationship to importance of Food and Drug Administration approval for artificial intelligence for clinical
decision support. Al: artificial intelligence; FDA: Food and Drug Administration.

Confidence in health systems Outcome
* Trust in health systems data practices (-) Controls
Al for Clinical Comfort with Al
Decision Support omto w_' ) Demographic
¢ Comfort in using Al tool (-)
e Comfort with developers factors Importance
Use Case: ) ) = Age — | of FDA
) : o Private companies (-)
Diabetic o Patient portal (- = Gender approval
Retinopathy o Ha e'fl Ip(o) @ = Education
ospita = Race and
« Attitudes about Government ethnicity
* Political affiliation (Liberal): (+)
Methods with hospitals developing the tool (“1 am comfortable with my
hospital making this Al tool”), (4) comfort with patient portal
Study Design companies developing the tool (“I would be comfortable with

In 2023, we conducted a survey using the National Opinion
Research Center's AmeriSpeak Panel, a probability-based
sample of US residents, with an oversampling of Black or
African American and Hispanic or Latino respondents. Thetotal
sample size was 1787 participants, with 982 participants
responding to a hypothetical use case related to the use of Al
tools supporting the diagnosis of DR:

You were recently diagnosed with diabetes. Asa part
of your treatment, you are routinely screened for
diabetic retinopathy, a complication of diabetes that
affects the eyes and can lead to blindness. This kind
of screening involves taking an image of the eye to
look for damaged blood vessels. Your doctor uses an
Al tool that analyzes your medical imagesto identify
diabetic retinopathy. For you, how true are the
following statements?

M easures

The outcome of interest was the perceived importance of FDA
approval of the Al tool in the use case. We asked participants
how true the following statement was for them: “ It isimportant
to me that the FDA has approved this Al tool” on a scale from
not at all true (score=1) to very true (score=4). We generated a
binary dependent variable “Importance of FDA approval,’
grouping “not at all” or “somewhat true” into one category, and
“fairly true” or “very true” responsesinto another, based on the
distribution of the variable.

Statistical Analysis

We then examined factors that might predict the perceived
importance of FDA approval.

Specifically, respondents rated their agreement (1=not at all
true to 4=very true) with statements capturing (1) comfort with
the Al tool (“1 am comfortable with this Al tool being used in
this way"), (2) comfort with private company developers (“I
would be comfortable with private companies making this Al
tools such as IBM, Google, Johnson & Johnson™), (3) comfort
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the company that makesmy patient portal making this Al tool™),
and (5) trust in responsi ble data sharing (“ The organi zation that
have my health information and share it have agood track record
of using it responsibly”). These Likert scale predictors were
treated as continuous variables, consistent with prior social
science and hedlth research. Treating these variables as
continuous allows us to see how changes across the response
levels are related to the outcome [24,25].

Political orientation was assessed as “strong/not so strong or
lean Democrat,” “Do not lean,” and “strong/not so strong or
lean Republican.” Indicator variables were created to evaluate
categorical and ordinal variables (political orientation, sex, age,
race or ethnicity, and education).

We conducted univariable and multivariablelogistic regression
models to identify predictors in the perceived importance of
FDA approval for Al diagnostic tools using questions eval uating
comfort with the Al tool and Al developers, and trust in health
data sharing, political identity, and demographic factors. As a
sensitivity analysis, we re-estimated models, treating Likert
variable predictors as categorical variables and conducted
ordinal logistic regresson modeling the 4-level outcome
variable. To assess the overall contribution of the categorical
variables to the model, multicollinearity among predictors was
assessed using variance inflation factors (VIFs). Sensitivity
analyses are provided in Multimedia Appendix 1.

Ethical Consider ations

Thisstudy was considered exempt by the University of Michigan
Institutional Review Board. Participants were compensated for
their time according to standard National Opinion Research
Center remuneration policies, US $4 per survey. The National
Opinion Research Center obtained participants’ written informed
consent. To ensure respondents privacy and confidentiality,
identifying information was removed. As a result, the dataset
used in the study were anonymized, and not personal identifiable
information was accessible to the research team.
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Results

Participant Characteristics

Among 982 respondents, 537 (54.7%) were female and 445
(45.4%) were male; 270 (27.8%) were Black, 237 (24.1%) were
Hispanic, 429 (43.4%) were White, and 46 (4.7%) were other
race groups (non-Hispanic).

The mean of comfort with the use of the Al tool was 2.56 (SD
0.95). Participants expressed moderate comfort with the DR Al
tool being developed by hospitals (mean 2.45, SD 0.96) and
private companiessuch asIBM, Google, and Johnson & Johnson
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(mean 2.34, SD 0.94), while the lowest mean values were
reported for comfort with patient portal companies developing
such tools (mean 2.32, SD 0.94). Participants also showed
moderate agreement that organizations responsible for health
data sharing have a good track record of using information
responsibly (mean 2.37, SD 0.92). A magority of participants
identified as strong or lean Democratic (541/982, 55.1%).

Per ceived I mportance of FDA Approval

Overall, of the 982 participants, 658 (67%) stated that it was
“fairly true” or “very true” that FDA approva of the Al tool
was important (Table 1).
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Table 1. Descriptive statistics of variables used in logistic regression: demographic factors, and independent and dependent variables used in the

theoretical framework (n=982).

Characteristics Value
Sex, n (%)
Male 445 (45.3)
Female 537 (54.7)
Agegroup (y), n (%)
18-29 157 (16)
30-44 281 (28.6)
4559 222 (22.7)
>60 322(32.8)
Race or ethnicity, n (%)
Black American, non-Hispanic 270 (27.8)
Hispanic 237 (24.1)
Other, non-Hispanic 46 (4.7)
White, non-Hispanic 429 (43.4)
Education, n (%)
Less than or high school graduate 237 (24.1)
Some college or associate degree 407 (41.5)
Bachelor’s degree 194 (19.8)
Postgraduate study or professional degree 144 (14.7)
Independent variables: attributes, mean (SD)
“1 am comfortable with this Al?tool being used in thiswaty.”b 2.56 (0.95)
“1 would be comfortable with a private company (such as IBM, Google, and Johnson & Jonhson) making this Al 2.34(0.94)
tool P
“I am comfortable with my hospital making this Al tool ”° 2.45 (0.96)
“1 would be comfortable with the company that makes my patient portal making this Al tool.” b 2.32(0.94)

“The organizations that have my health information and share it, have a good track record of using it responsibly.” b 237(092)

Palitical affiliation, n (%)
Strong or not so strong or lean Democrat
Do not lean
Strong or not so strong or lean Republican

Dependent variable: outcome, mean (SD)

Importance of FDAC in approving Al tools used for diagnosi o

541 (55.1)
164 (16.7)
277 (28.2)

0.67 (0.47)

8Al: artificial intelligence.
b4-poi nt scale: 1=not at al true; 4=very true.
°FDA: Food and Drug Administration.

dBinary variables coded as follows: O=not true (n=122, 12.4%) or somewhat true (n=205, 20.9%); 1=fairly true (n=232, 23.6%) or very true (n=433,

43.1%).

Predictors of FDA Approval Importance

In multivariable logistic regression analysis, higher perceived
importance of FDA approval was associated with greater
comfort with the DR Al tool being used (oddsratio [OR] 1.44,
95% Cl 1.11-1.87; P=.006), comfort with the tool being
developed by private companies (OR 1.38, 95% Cl 1.09-1.76;
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P=.008), and hospitals (OR 1.60, 95% Cl 1.25-2.05; P<.001).
Trust in responsible data sharing was al so positively associated
(OR 1.25, 95% CI 1.05-1.5; P=.01) with the outcome. Political
affiliation played a significant role: lean-strong Republicans
(OR 0.43, 95% CI 0.3-0.6] P<.001) and Independents (OR 0.63,
95% Cl 0.42-0.96; P=.03) demonstrated lower odds of
considering FDA approval important. Black American (OR
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0.50, 95% CI 0.34-0.77; P<.001) and Hispanic (OR 0.57, 95%
Cl 0.38-0.86 P=.007) participants also showed lower odds of
considering FDA approval important. Meanwhile, those with
higher levels of education were more likely to consider FDA
approval of Al diagnostic tools important (OR 1.64, 95% CI
1.02-2.62; P=.04; Table 2). Sensitivity analyses demonstrated
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substantively similar findings. Multimedia Appendix 1 shows
the results of the regression model in which we treat all
independent variables as categorical. Additionally, al VIF
values were <3 (mean VIF 1.57, SD 0.66), indicating low
multicollinearity and that predictors were empirically
distinguishable.
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Table 2. Logistic regression analysis of the importance of the Food and Drug Administration in approving artificial intelligence tools used for the
diagnosis of diabetic retinopathy (n=982).

Predictors Univariable Multivariable

OR? P value OR P value

Per sonal comfort

“1 am comfortable with this Al tool being used in thisway.”b 241 <.001°€ 144 006
Private companies

“1 would be comfortable with private companies making this Al tool suichas 2.21 <.001 1.38 .008
IBM, Google, and Johnson & Johnson.” b

Patient portal

“1 would be comfortable with the company that makes my patient portal making 1.85 <.001 0.93 .56
this Al tool .
Comfort with the hospital
“I am comfortable with my hospital making this Al tool ”? 2.27 <.001 1.60 <.001
Trusted health data sharing
“The organizations that have my health information and share it, haveagood 1.45 <.001 1.25 .01

track record of using it responsibly.”

Political affiliation

Lean, not so strong, and strong Democrat (reference) _d — — —

Do not lean—Independent 0.44 <.001 0.63 .03

Lean, not so strong, and strong Republican 0.50 <.001 0.43 <.001
Sex

Male (reference) — — — —

Female 0.10 .98 1.19 .26
Age(y)

18-29 (reference) — — — —

30-44 0.87 .51 0.74 .20

45-59 0.94 .76 0.74 .23

=60 1.88 .003 1.36 21

Race or ethnicity

Black American, non-Hispanic 0.61 .003 0.50 <.001
Hispanic 0.58 .001 0.57 .007
Other 0.52 .04 0.54 .10

White, non-Hispanic (reference) — — — —
Education

Less than or high school (reference) — — — —

Some college or associate degree 1.63 .004 145 .06

Bachelor’s degree 2.08 <.001 1.63 .04

Postgraduate study or professional degree 2.18 .001 135 27
%0R: odds ratio.

b4-p0i nt scale: 1=not at all true; 4=very true.
Cltalicized indicate P<.05.
INot applicable.
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Discussion

Principal Findings

Overal, wefind that the publicis supportive of FDA regulation
of Al tools, and that need for regulation is not supplanted by
comfort with or trust in Al, its developers, or health systems.
Our findings suggest that people who are comfortable with the
use of the Al tool for DR aremorelikely to desire FDA approval
of tool, which may also suggest that people, even the most
comfortable Al users, may be using the FDA approval process
as a proxy for trust in the AI-CDS tool's safety and
effectiveness. Thisissurprising given our hypothesisthat greater
comfort might diminish the need for additional oversight. These
findings are consistent with public expectations of having more
rather than less regulation when it comes to Al and the
companies that build them [12,18] and suggest that even with
greater familiarity with Al tools, regulation is still a critical
component of overall Al governance. Thisis likely to be true
regardless of who devel opsthetool, though Pew Research shows
that Americans favor more regulation of Big Tech companies
(51% in 2024) [16,26]. Gresater attention and effort must be
given to ensure that regulatory agencies have broad and clear
authority to regulate Al tools.

Additionally, protecting the legitimacy of the FDA and other
regulatory agencies may also be key to public trust in Al tools.
Transparency isakey FDA guiding principle [27].

Our findings suggest that hospitalsand Al devel opersmay need
to seek Al tools that are approved or have gone through a
reliable certification process to indicate their safety and
effectiveness. Political affiliation was a statistically significant
predictor of the perceived importance of FDA regulation—Ilean
or strong republicans (OR 0.43, 95% CI 0.3-0.6; P<.001) and
Independents (OR 0.63, 95% CI 0.42-0.96; P=.03) were less
likely to rateit asimportant- highlighting the potentia influence
of political considerations on perception of FDA regulation.

The statistical significance of political affiliation, Lean or strong
Republicans (OR 0.43, 95% ClI 0.3-0.6; P<.001) and
Independents (OR 0.63, 95% CI 0.42-0.96; P=.03), asapredictor

Data Availability

Carmona Clavijo et d

of the importance of FDA regulation highlights the FDA's
inability to avoid political considerations [28].

Implications for Research and Practice

Our findings aso underscore the need to deepen our
understanding of how public trust in Al toolsis shaped. Rather
than assuming transparency is both necessary and sufficient for
trust, future research may consider whether trust may drive
demand for transparency and oversight. Approva or certification
processes from trusted entities, such as the FDA, could serve
to signal the legitimacy of and increase public comfort with Al
tools in health care. These insights point to the opportunity to
further develop a conceptua framework that connects comfort
with Al, percelved safety, regulatory presence, and public
demand for accountability. Ultimately, identifying where that
threshold of comfort lies could inform more effective strategies
for regulatory engagement and public communication.

Limitations

Our findings are based on DR as a use case and may not fully
generalize attitudes toward FDA oversight of other Al tools,
particularly new or emerging tools. Further research should
explore additional clinical use cases to assess the broader
applicability of these findings. Additionally, our analysis was
focused on identifying associations rather than establishing
causality, highlighting the need for future qualitative and
longitudinal research. Thisis especially important considering
the rapid evolution of Al health tools.

Conclusions

These findings suggest that the public may perceive FDA
approval of Al diagnostic tools asimportant but also highlights
the role of individual comfort with Al, trust in organizations,
political views, age, and education level may influence these
perceptions. As Al-CDStools continueto evolve, understanding
these perceptions can help guide the devel opment of responsible
and trustworthy health systems. These results are based on a
nationally representative sample of US adults and may not
generalize to other populations or health care contexts. Further
research could explore equity implications and the experiences
of diverse groups.

The datasets generated or analyzed during this study are available from the corresponding authors on reasonable requests.
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Multimedia Appendix 1

Sensitivity analysis of the importance of the Food and Drug Administration in approving artificial intelligence tools used for
diagnosis of diabetic retinopathy (n=982).

[DOCX File, 19 KB-Multimedia Appendix 1]

References

1.

10.

11.

12.

13.

14.

15.

16.

17.

18.

19.

20.

GulshanV, Peng L, Coram M, Stumpe MC, Wu D, Narayanaswamy A, et al. Development and validation of adeep learning
algorithm for detection of diabetic retinopathy in retinal fundus photographs. JAMA. Dec 13, 2016;316(22):2402-2410.
[FREE Full text] [doi: 10.1001/jama.2016.17216] [Medline: 27898976]

Ting DS, Cheung CY, Lim G, Tan GS, Quang ND, Gan A, et al. Development and validation of a deep learning system
for diabetic retinopathy and related eye diseases using retinal images from multiethnic populations with diabetes. JAMA.
Dec 12, 2017;318(22):2211-2223. [FREE Full text] [doi: 10.1001/jama.2017.18152] [Medline: 29234807]

FDA permits marketing of artificial intelligence-based device to detect certain diabetes-related eye problems. PR Newswire.

2018. URL: https://www.prnewswire.com/news-rel eases/

fda-permits-marketing-of -artificial -intel ligence-based-devi ce-to-detect-certai n-diabetes-rel ated-eye-problems-300628218.
html [accessed 2026-04-26]

Abramoff MD, Lavin PT, Birch M, Shah N, Folk JC. Pivotal trial of an autonomous Al-based diagnostic system for detection
of diabetic retinopathy in primary care offices. NPJ Digit Med. Aug 28, 2018;1:39. [FREE Full text] [doi:
10.1038/s41746-018-0040-6] [Medline: 31304320]

Flaxman SR, Bourne RR, Resnikoff S, Ackland P, Braithwaite T, Cicinelli MV, et a. Global causes of blindness and
distance vision impairment 1990-2020: a systematic review and meta-analysis. Lancet Glob Health. Dec
2017;5(12):e1221-e1234. [FREE Full text] [doi: 10.1016/S2214-109X(17)30393-5] [Medline: 29032195]

Topol EJ. High-performance medicine: the convergence of human and artificial intelligence. Nat Med. Jan 2019;25(1):44-56.
[doi: 10.1038/s41591-018-0300-7] [Medline: 30617339]

Guidance document: clinical decision support software: guidance for industry and Food and Drug Administration staff.
U.S. Food & Drug Administration. Jan 2026. URL : https.//www.fda.gov/regulatory-information/
search-fda-guidance-documents/clini cal-decision-support-software [accessed 2026-04-24]

Artificia intelligence in software as amedical device. U.S. Food & Drug Administration. URL: https.//www.fda.gov/
medi cal -devices/software-medi cal -device-samd/artificial -intel ligence-sof tware-medical -device [accessed 2026-04-24]
Laux J, Wachter S, Mittelstadt B. Trustworthy artificial intelligence and the European Union Al Act: on the conflation of
trustworthiness and acceptability of risk. Regul Gov. Jan 2024;18(1):3-32. [FREE Full text] [doi: 10.1111/rego.12512]
[Medline: 38435808]

Cremaschi A, Lee DJ, Leonelli M. Understanding support for Al regulation: a Bayesian network perspective. Int JEng Bus
Manag. Oct 01, 2025;17. [doi: 10.1177/18479790251383310]

Schiavo G, Businaro S, Zancanaro M. Comprehension, apprehension, and acceptance: understanding the influence of
literacy and anxiety on acceptance of artificial intelligence. Technol Soc. Jun 2024;77:102537. [doi:
10.1016/j.techsoc.2024.102537]

Beets B, Newman TP, Howell EL, Bao L, Yang S. Surveying public perceptions of artificial intelligencein health carein
the United States. systematic review. JMed Internet Res. Apr 04, 2023;25:e40337. [FREE Full text] [doi: 10.2196/40337]
[Medline: 37014676]

SuH, SunY, Li R, Zhang A, Yang Y, Xiao F, et a. Large language modelsin medical diagnostics. scoping review with
bibliometric analysis. JMed Internet Res. Jun 09, 2025;27:€72062. [FREE Full text] [doi: 10.2196/72062] [Medline:
40489764]

Taylor LA, Nong P, Platt J. Fifty years of trust research in health care: a synthetic review. Milbank Q. Mar
2023;101(1):126-178. [FREE Full text] [doi: 10.1111/1468-0009.12598] [Medline: 36689251]

Tyson A, Pasquini G, Spencer A, Funk C. 60% of Americanswould be uncomfortable with provider relying on Al in their
own health care. Pew Research Center. Feb 22, 2023. URL: https.//www.pewresearch.org/science/2023/02/22/

60-0f -ameri cans-woul d-be-uncomfortabl e-with-provider-relying-on-ai-in-their-own-health-care/ [accessed 2026-04-24]
Bullock JB, Pauketat JV, Huang H, Wang Y F, Anthis JR. Public opinion and the rise of digital minds: perceived risk, trust,
and regulation support. Public Perform Manag Rev. May 07, 2025;48(6):1357-1388. [doi: 10.1080/15309576.2025.2495094]
Nong P, Platt J. Patients trust in health systemsto useartificial intelligence. JAMA Netw Open. Feb 03, 2025;8(2):€2460628.
[FREE Full text] [doi: 10.1001/jamanetworkopen.2024.60628] [Medline: 39951270]

Ozawa S, Sripad P. How do you measure trust in the health system? A systematic review of the literature. Soc Sci Med.
Aug 2013;91:10-14. [doi: 10.1016/j.socscimed.2013.05.005] [Medline: 23849233]

Patt JE, Jacobson PD, Kardia SL. Public trust in health information sharing: a measure of system trust. Health Serv Res.
Apr 2018;53(2):824-845. [FREE Full text] [doi: 10.1111/1475-6773.12654] [Medline; 28097657]

Li AK, Rauf IA, Keshavjee K. Knowledgeis not al you need for comfort in use of Al in healthcare. Public Health. Jan
2025;238:254-259. [FREE Full text] [doi: 10.1016/j.puhe.2024.11.019] [Medline: 39700868]

https:/ai.jmir.org/2026/1/684315 JMIRAI 2026 | vol. 5| €84315 | p. 9

RenderX

(page number not for citation purposes)


https://jmir.org/api/download?alt_name=ai_v5i1e84315_app1.docx&filename=c1a413eddfed1a3bfc5e89a4dfbca173.docx
https://jmir.org/api/download?alt_name=ai_v5i1e84315_app1.docx&filename=c1a413eddfed1a3bfc5e89a4dfbca173.docx
https://doi.org/10.1001/jama.2016.17216
http://dx.doi.org/10.1001/jama.2016.17216
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=27898976&dopt=Abstract
https://europepmc.org/abstract/MED/29234807
http://dx.doi.org/10.1001/jama.2017.18152
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=29234807&dopt=Abstract
https://www.prnewswire.com/news-releases/fda-permits-marketing-of-artificial-intelligence-based-device-to-detect-certain-diabetes-related-eye-problems-300628218.html
https://www.prnewswire.com/news-releases/fda-permits-marketing-of-artificial-intelligence-based-device-to-detect-certain-diabetes-related-eye-problems-300628218.html
https://www.prnewswire.com/news-releases/fda-permits-marketing-of-artificial-intelligence-based-device-to-detect-certain-diabetes-related-eye-problems-300628218.html
https://doi.org/10.1038/s41746-018-0040-6
http://dx.doi.org/10.1038/s41746-018-0040-6
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=31304320&dopt=Abstract
https://linkinghub.elsevier.com/retrieve/pii/S2214-109X(17)30393-5
http://dx.doi.org/10.1016/S2214-109X(17)30393-5
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=29032195&dopt=Abstract
http://dx.doi.org/10.1038/s41591-018-0300-7
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=30617339&dopt=Abstract
https://www.fda.gov/regulatory-information/search-fda-guidance-documents/clinical-decision-support-software
https://www.fda.gov/regulatory-information/search-fda-guidance-documents/clinical-decision-support-software
https://www.fda.gov/medical-devices/software-medical-device-samd/artificial-intelligence-software-medical-device
https://www.fda.gov/medical-devices/software-medical-device-samd/artificial-intelligence-software-medical-device
https://europepmc.org/abstract/MED/38435808
http://dx.doi.org/10.1111/rego.12512
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=38435808&dopt=Abstract
http://dx.doi.org/10.1177/18479790251383310
http://dx.doi.org/10.1016/j.techsoc.2024.102537
https://www.jmir.org/2023//e40337/
http://dx.doi.org/10.2196/40337
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=37014676&dopt=Abstract
https://www.jmir.org/2025//e72062/
http://dx.doi.org/10.2196/72062
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=40489764&dopt=Abstract
http://hdl.handle.net/2027.42/176087
http://dx.doi.org/10.1111/1468-0009.12598
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=36689251&dopt=Abstract
https://www.pewresearch.org/science/2023/02/22/60-of-americans-would-be-uncomfortable-with-provider-relying-on-ai-in-their-own-health-care/
https://www.pewresearch.org/science/2023/02/22/60-of-americans-would-be-uncomfortable-with-provider-relying-on-ai-in-their-own-health-care/
http://dx.doi.org/10.1080/15309576.2025.2495094
https://jamanetwork.com/journals/jamanetworkopen/fullarticle/10.1001/jamanetworkopen.2024.60628
http://dx.doi.org/10.1001/jamanetworkopen.2024.60628
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=39951270&dopt=Abstract
http://dx.doi.org/10.1016/j.socscimed.2013.05.005
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=23849233&dopt=Abstract
http://hdl.handle.net/2027.42/142931
http://dx.doi.org/10.1111/1475-6773.12654
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=28097657&dopt=Abstract
https://linkinghub.elsevier.com/retrieve/pii/S0033-3506(24)00491-8
http://dx.doi.org/10.1016/j.puhe.2024.11.019
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=39700868&dopt=Abstract
http://www.w3.org/Style/XSL
http://www.renderx.com/

JMIR Al Carmona Clavijo et d

21.

22.

23.

24,

25.

26.

27.

28.

Anderson M. Americans’ views of technology companies. Pew Research Center. Apr 29, 2024. URL: https.//www.
pewresearch.org/internet/2024/04/29/americans-views-of -technol ogy-companies-2/ [accessed 2026-04-24]

Blendon RJ, Benson JM. Trust in medicine, the health system and public health. Daedalus. 2022;151(4):67-82. [EREE Full
text] [doi: 10.1162/daed _a 01944]

Medical device safety and the 510(Kk) clearance process. U.S. Food & Drug Administration. URL: https:.//www.fda.gov/
medi cal -devices/510k-cl earances/medi cal -devi ce-saf ety-and-510k-cl earance-process [ accessed 2026-03-03]

Norman G. Likert scales, levels of measurement and the "laws" of statistics. Adv Health Sci Educ Theory Pract. Dec
2010;15(5):625-632. [doi: 10.1007/s10459-010-9222-y] [Medline: 20146096]

Carifio J, Perla R. Resolving the 50-year debate around using and misusing Likert scales. Med Educ. Dec
2008;42(12):1150-1152. [doi: 10.1111/j.1365-2923.2008.03172.x] [Medline: 19120943]

Wu C, Xu H, Bai D, Chen X, Gao J, Jiang X. Public perceptions on the application of artificia intelligence in healthcare:
aqualitative meta-synthesis. BMJ Open. Jan 04, 2023;13(1):e066322. [FREE Full text] [doi: 10.1136/bmjopen-2022-066322]
[Medline: 36599634]

Transparency for machine learning-enabled medical devices: guiding principles. U.S. Food & Drug Administration. URL:
https.//www.fda.gov/medi cal -devices/software-medi cal -device-samd/

transparency-machine-learning-enabl ed-medical -devices-guiding-principles [accessed 2025-07-21]

Fernandez Lynch H, Joffe S, McCoy MS. The limits of acceptable political influence over the FDA. Nat Med. Feb
2021;27(2):188-190. [doi: 10.1038/s41591-020-01200-w] [Medline: 33462449]

Abbreviations

Al: artificial intelligence

Al-CDS: Al-based clinical decision support
DR: diabetic retinopathy

FDA: Food and Drug Administration

OR: oddsratio

VIF: varianceinflation factor

Edited by B Malin; submitted 18.Sep.2025; peer-reviewed by A Gupta, M Leonelli, NH Tran; commentsto author 14.Feb.2026; revised
version received 18.Mar.2026; accepted 17.Apr.2026; published 12.May.2026

Please cite as:

Carmona Clavijo GM, Nong P, Tan S, Platt J

Public Expectations for Food and Drug Administration Approval of Al-Based Clinical Decision Support Tools: Quantitative Study
JMIR Al 2026;5:e84315

URL: https://ai.jmir.org/2026/1/e84315

doi: 10.2196/84315

PMID:

©Gloria Maria Carmona Clavijo, Paige Nong, Sean Tan, Jodyn Platt. Originally published in IMIR Al (https://ai.jmir.org),
12.May.2026. This is an open-access article distributed under the terms of the Creative Commons Attribution License
(https://creativecommons.org/licenses/by/4.0/), which permits unrestricted use, distribution, and reproduction in any medium,
provided the original work, first published in IMIR Al, is properly cited. The complete bibliographic information, alink to the
original publication on https://www.ai.jmir.org/, as well asthis copyright and license information must be included.

https://ai.jmir.org/2026/1/e84315 JMIR Al 2026 | vol. 5| 84315 | p. 10

RenderX

(page number not for citation purposes)


https://www.pewresearch.org/internet/2024/04/29/americans-views-of-technology-companies-2/
https://www.pewresearch.org/internet/2024/04/29/americans-views-of-technology-companies-2/
https://doi.org/10.1162/daed_a_01944
https://doi.org/10.1162/daed_a_01944
http://dx.doi.org/10.1162/daed_a_01944
https://www.fda.gov/medical-devices/510k-clearances/medical-device-safety-and-510k-clearance-process
https://www.fda.gov/medical-devices/510k-clearances/medical-device-safety-and-510k-clearance-process
http://dx.doi.org/10.1007/s10459-010-9222-y
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=20146096&dopt=Abstract
http://dx.doi.org/10.1111/j.1365-2923.2008.03172.x
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=19120943&dopt=Abstract
https://bmjopen.bmj.com/lookup/pmidlookup?view=long&pmid=36599634
http://dx.doi.org/10.1136/bmjopen-2022-066322
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=36599634&dopt=Abstract
https://www.fda.gov/medical-devices/software-medical-device-samd/transparency-machine-learning-enabled-medical-devices-guiding-principles
https://www.fda.gov/medical-devices/software-medical-device-samd/transparency-machine-learning-enabled-medical-devices-guiding-principles
http://dx.doi.org/10.1038/s41591-020-01200-w
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=33462449&dopt=Abstract
https://ai.jmir.org/2026/1/e84315
http://dx.doi.org/10.2196/84315
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=&dopt=Abstract
http://www.w3.org/Style/XSL
http://www.renderx.com/

